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Abstract

Recently, there is a growing number of off-line stores that are willing to conduct customer
behavior analysis. In particular, predicting revisit intention is of prime importance, because
converting first-time visitors to loyal customers is very profitable. Thanks to noninvasive mon-
itoring, shopping behaviors and revisit statistics become available from a large proportion of
customers who turn on their mobile devices. In this paper, we propose a systematic frame-
work to predict the revisit intention of customers using Wi-Fi signals captured by in-store
sensors. Using data collected from seven flagship stores in downtown Seoul, we achieved
67-80% prediction accuracy for all customers and 64—72% prediction accuracy for first-time
visitors. The performance improvement by considering customer mobility was 4.7-24.3%.
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