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Abstract

The Abstraction and Reasoning Corpus (ARC) is an important benchmark dataset for evaluating
general-purpose Al. for evaluating general purpose Al. However, there is a lack of research showing
good performance on the ARC benchmark dataset. This In this paper, we investigate the feasibility of
developing a general-purpose Al using large-scale pre-trained language models and prompt engineering.
In our experiments, we found that the accuracy was low for object-type problems, but high for other
types. In addition, applying an appropriate prompt engineering method to object-type problems
improved the accuracy of on object-type questions, showing the potential of prompt engineering. In
future work, we may want to investigate To improve upon this finding, we can use a variety of prompt
engineering methods, such as adding more objects, relationships between objects, object motion, and

question types. engineering methods to improve performance.



Abstract . . . . . . . . e e e e e e e e e e e e e e e e e e e e i
B ) L e e e e e e e e e e e e e e e e e il
L iii
= = iv
A1 M2 1
1.1 ARCHIX|glm dlo]gAl . .. .. .. .. .. iiiie... 1
1.2 EZEXE XY . . . . . e e e 1
A2 ARC ZA|0] ZEZE AZ|L{0jT HE 3
21 YR dojmd AdHl4d .. ... ... e 3
22 HEAgnETE XYY ... Lo o 3
23 ARCYAE EFEAZ FESF=TE .. ... ... ... ... 3
ER R 4
3.1 A AA . e e e e 4
3.2 A AT .. e e e e e 4
3.3 AFE BA e e e e e 5
Maz 2R YR A ;
¥2g 3 8
Acknowledgments (ZFAI2] 2) 9
Curriculum Vitae (&) 10



X

I

iii



v



KU oo O o rd

=
o)
=
(o)<}
[e)
-
V]
=
0]
for]
&
o)<}
D
o
[oN
3
5
El
52
rlo

ofe] 19’“9Q O‘E‘r —“&%—Er% 71201] ARC Hlz]at=of
& AT HEA EH%FE Aol Bdlg &gtz ot ZFILE QA o]go] thefet =HQl
He SR gFo] ZEZE dxyojgdS ARC #ix|up=o] A-gsf B 1 7}

B o = AN oE oo L 2
olr
)
o
s
o r
%
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Figure 1.1: ARC &4 AA=2] oA
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2.1 TR Ao B Ae w7

FhE0] Q= R Qo] BEE = ChatGPTO] GPT-4.02 A=t o]§-= W o7} L wjRo

4 ChatGPTE= YA B2 eF APIAHIAE AlF } | wjZoll ARC ¥l x]wt= glo] gl Ale]] 44| 28
m} E3F ARC 2A|9} 2 FAF(few-shot) A%+ o], GPT-4. 04 g—:— ] GPT-3.58 233 o=
= o] RelEH T f F2 ] Wixuta oA 53 %S BT, Aol A7 dix|uta A=
1Al A3 SOTA (State-of-the-Art) RZH T} Fo]ykrh4].
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ChatGPTE Rt} & 38517 YA da] ¢ded T2nE %
LE2TEE AL HE24y T2TEL ChatGPT7F ARC ZAof % g}
Aol tiet FRZ3} 8 ofjof 5f= J TS ZFILEof YASH= WHoltt. & A= ARC A £71
Ao H2ay g2 ES A A=ty 1%, ARC A ofl et Al &9 4h-& WHoF oh= o™
e Fth ol RE Y gyt &9 2 22k vl FEj 2 9100, ChatGPT7} 9 of st 9

kol A% 29 ke EEAES TRRES T4,

| want you to act as a ARC(Abstraction and Reasoning Corpus) solver h )

and come up with solve ARC task quiz. You should be able to challenge
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ARC task quiz, so you nced ability about abstraction and reasoning. So Example |
some action, such as “flip”, “rotate”, “reverse”, etc, help you to solve ARC If input grids are like that
y 110.0,0,8,0,0],[0,0,8,8,8,0].[0,8,0,8,8,0],8,8,8,0,0,0], 0,8,

task quiz. And | give you ARC task quiz like below., | give you some

questions below fesms 8.0,0,0],[0,0,0,0,0,0]),

then this grids change to output grids below
<example 1> 110,.8.0,0,8).[8.8.0,8,8].[0.0,0,0,0].]0,.8,0,0,8],[8.8,0,.8 8]

<cxample 2>

Quiz If input grids are like that
[10,0,8,8,0,0],[8,8,8,8,0,0),[8,8,0,8,8,0],[0,8,8,8,8,0],10,8,
8,0,0,0],[0,0,0,0,0,0]),

then output grids?

J _/

<example 3>

<quir>

Are you understand?

4

Figure 2.1: Ao AH4H TE2XE (242)
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