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Abstract

Prior knowledge plays a crucial role in solving abstract reasoning and inference problems, es-
pecially when the problem provides limited information. Humans have a wealth of prior knowledge
based on experience, which is not as readily available to artificial intelligence. Therefore, to enhance
the problem-solving capabilities of Al it is essential to provide appropriate prior knowledge. This
study classifies the ARC benchmark dataset for abstract reasoning and inference problems into dif-
ferent types based on prior information. It represents each input-output pair in the ARC problem as
a single vector representation, and through contrastive learning, it minimizes the distance between
vectors of the same problem type while maximizing the distance between vectors of different types.
Consequently, similar types of problems are represented within adjacent vector spaces, and using these
vectors, classification is performed according to the problem type. Providing these classified problem
types as prior information is expected to significantly aid in solving abstract reasoning and inference

problems.
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