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Introduction

Motivation

There Is a research that successfully predicts the revisit of customers by using only movement data collected in a specific offline store through wireless fingerprinting

technology.[1] Companies that have macroscale mobility information, such as Loplat X, also want application in a variety of areas, such as target marketing and
customer segmentation through revisit prediction.
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1) To present model for predicting revisit time for specific place categories or brand rather than a single store.

2) To solve the data scarcity problem, which is not known whether the customer visited after that time when using data up to a certain point for training model.

3) To define features and embedding factors related to revisit in macroscale mobility information and to extend the WTTE-RNN methodology.[2]

Method Experiment
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Results of “Coffee Shop”
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