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2019 Ph.D. in Knowledge Service Engineering, KAIST
2015 M.S. in Industrial and Systems Engineering, KAIST
2013 B.S. in Industrial and Systems Engineering, KAIST

Experience

2022 ~ Assistant Professor, Al Graduate School, GIST

2019~2022  Young Scientist Fellow, Data Science Group, Institute for Basic Science
2020 ~ Advisor, Bands of Customs Data Analytics, World Customs Organization
2018 Research Intern, Microsoft Research Asia

2013 ~2017 Coordinating Assistant, The Viterbi iPodia Program

2011 Consulting Intern, Deloitte
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- FedX: Unsupervised Federated Learning with Cross Knowledge Distillation, ECCV 2022

- Coherence-based Label Propagation over Time series for Accelerated Active Learning, ICLR 2022

- Active Learning for Human-in-the-Loop Customs Inspection, TKDE 2022

- Knowledge Sharing via Domain Adaptation in Customs Fraud Detection, AAAI 2022

- Improving Unsupervised Image Clustering With Robust Learning, CVPR 2021

- Mitigating Embedding and Class Assignment Mismatch in Unsupervised Image Classification, ECCV 2020
- DATE: Dual Attentive Tree-aware Embedding for Customs Fraud, KDD 2020

- Carpe Diem, Seize the Samples Uncertain “at the Moment” for Adaptive Batch Selection, CIKM 2020
- Neural User Embedding from Browsing Events, ECML-PKDD 2020
- Revisit Prediction by Deep Survival Analysis, PAKDD 2020

- Utilizing In-Store Sensors for Revisit Prediction, ICDM 2018
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